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Abstract
1. Pollination and pest control are two major ecological functions sustaining crop 

yield. In insect- pollinated crops, previous studies have revealed that an increase 
in resources and habitats in landscapes can increase pest control by natural ene-
mies as well as insect pollination by pollinators. However, data have been lacking 
that simultaneously considers the effects of landscape on both pollinators and 
pests, and the direct and indirect effects on yields of farming practices interact-
ing with landscape, bees and pests.

2. This study aimed to fill this gap by focusing on oilseed rape (OSR), an insect- 
pollinated crop of high economic value. We first quantified the effects of land-
scape and farming practices on both bee and pest abundance caught in OSR 
blooming season in 124 farmed fields over a 6- year study (~20 fields sampled 
per year), and then used structural equation modelling to assess the direct and 
indirect links between bees, pests, farming practices and landscape on yield.

3. The results showed that landscape had a stronger effect on bee and pest abun-
dance than agrochemical farming practices. Bees and pests decreased with the 
amount of OSR in the landscape surrounding the focal field, and showed con-
trasted effects with the amount of meadow and organic farming: positive for 
bees and negative for pests. Bee abundance also increased with the amount of 
sunflower in the landscape the preceding year, and decreased with increasing 
field size.

4. While agrochemicals surprisingly had barely any effect on bees and pests, 
their use improved OSR yield, although at a similar magnitude as bee and pest 
abundances.

5. Synthesis and application. This study, conducted in commercial crop fields, un-
derlines the important contribution of sustainable landscape management for 
enhancing OSR yield. Despite agrochemicals' ability to improve or maintain OSR 
yields, their unconditional use is unsustainable due to negative externalities. 
Therefore, alternative options such as those highlighted in our study— such as 
reducing field size, increasing the amount of organic farming in the landscape, 
or sowing OSR in landscapes rich in sunflowers the preceding year— appear to 
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1  |  INTRODUC TION

Improving agricultural sustainability has become a pressing con-
cern, simultaneously requiring better use of natural resources, lower 
chemical inputs and increased benefits of biodiversity- related eco-
system services for agricultural production, while ensuring food se-
curity (Bommarco et al., 2013; Godfray et al., 2010). However, taken 
together, the recent decline of insect pollinator populations, in-
creased pest pressure due to climate change, in addition to increase 
in pollinator- dependent crops areas, may threaten food security 
(Aizen et al., 2019; Deutsch et al., 2018). Pollinators may contribute 
up to 35% of crop production (Klein et al., 2007), while pests can 
reduce overall yield by 20%– 30% (Savary et al., 2019). In addition, 
beneficial effects of pollinators on yield increase with decreasing 
pest abundance (Sutter & Albrecht, 2016; Tamburini et al., 2019).

Both pollinators and insect pests depend on farming practices 
and landscape arrangements. Thus, simultaneously managing pests 
and pollinators may be critical to improve agricultural sustainabil-
ity (Egan et al., 2020). However, the combined effects of farming 
practices and landscape on these organisms are rarely considered 
simultaneously (Egan et al., 2020), making it unknown, for instance, 
whether pollinators and pests positively react to identical farming 
practices and landscape features, and which of the latter maximize 
yields or benefits.

There is clear evidence that pollinators benefit from semi- natural 
habitats (SNHs) such as grassland or forest, which provide food, 
shelter and nesting sites (Holland et al., 2017). The stability of flo-
ral resources over the season, through organic farming or continuity 
between early and late mass- flowering crops, is also essential (Grab 
et al., 2017; Holzschuh et al., 2008). However, high amounts of mass- 
flowering crops in the surrounding landscape can also dilute polli-
nators, resulting in their lower abundance at field scale (Holzschuh 
et al., 2016). This dilution effect has also been observed for pests 
(Veres et al., 2013). Pest abundance may also be lower in fields 
surrounded by SNH or organic farming, mainly because of higher 
predation rates by natural enemies (Muneret et al., 2019) although 
the effect of SNH on pest abundance is highly inconsistent between 
studies (Karp et al., 2018). At field scale, farming practices also mod-
ify both pollinator and pest abundance. Pesticides can reduce polli-
nator abundance (Otieno et al., 2011; Woodcock, Isaac, et al., 2016), 
as does larger field size, due to limited pollinator dispersion (Hass 
et al., 2018). Conversely, fertilizer intensity improves plant growth 

or nectar quality, which may increase crop attractiveness to polli-
nators (Otieno et al., 2011). Similar effects, that is, negative for 
pesticides and positive for fertilizers, have been observed for pests 
(Otieno et al., 2011), except for field size: that is, pest abundance 
increases with field size because of the limited dispersion capacity 
of natural enemies (Haan et al., 2020). Thus, farming practices may 
have both synergistic and antagonistic effects on pest and pollinator 
abundance, as well as on yields. In addition, farming practices inter-
act with landscape composition to ultimately shape biodiversity, for 
example, the effect of SNH on pollinator or pest abundance is more 
pronounced when pesticide use is low (Gagic, Hulthen, et al., 2019; 
Park et al., 2015).

This study sought to investigate the complex interplay between 
landscape features and farming practices and their effects on both 
pollinators and pests, and how these effects translate into yield in 
winter oilseed rape fields (see Figure 1), an early mass- flowering 
crop and main oilseed crops in European Union (OSR, Brassica napus 
L.). Our study was carried out in 124 OSR fields that were studied 
over 6 years in southwestern France. This crop is strongly dependent 
on pollinators, which can increase yield by up to 30% (Bartomeus 
et al., 2014; Perrot et al., 2018; Woodcock, Bullock, et al., 2016), 
as well as strongly affected by pests, which may decrease yield by 
10%– 70% (Rusch et al., 2013; Skellern & Cook, 2018). Pests and 
pollinators of OSR may further interact, partly depending on farm-
ing practices. Both pests and pesticide use reduce the beneficial 
effect of pollinators on OSR yield (Catarino et al., 2019; Sutter & 
Albrecht, 2016), while the amount of nitrogen input either compen-
sates for the absence of pollinators or has a synergistic effect with 
pollinators on yield (Tamburini et al., 2019). Farmers have therefore 
two means of leverage available to improve OSR yield: landscape 
management (here, a sort of ecological intensification) to modify 
pest and bee abundance; or farming practices (agricultural intensi-
fication) to increase soil fertility and reduce pest damage, although 
with, presumably, a negative effect on bees (Figure 1). Synergistic 
and/or antagonistic relationships between these options and their 
direct and indirect effects are therefore complex, and remain at best 
little documented in the case of OSR.

To address this knowledge gap, the first aim of this study was 
to characterize the effects of landscape features on wild bees 
and honeybees, that is, the main OSR pollinators in our study site 
(Perrot et al., 2018), and on pest abundance (Figure 1a) using a re-
cent method without any prior assumption on the spatial scales 

be relevant tools to promote ecosystem services, maintain yield and conserve 
biodiversity. These findings support the potential of nature- based solutions to 
foster more sustainable agriculture.
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of influence of landscape variables (Carpentier & Martin, 2021). 
We predicted a positive effect of SNH on pollinators and a neg-
ative effect on pests (Bartomeus et al., 2014; Woodcock, Bullock, 
et al., 2016). We also predicted a positive effect of the amount of 
late mass- flowering crops in the previous year (here, sunflowers) on 
bee abundance (Häussler et al., 2017) and a dilution effect of OSR 
on both bees and pests when a high amount of OSR surrounds the 
focal field (Holzschuh et al., 2016; Zaller et al., 2008). Second, we 
considered how farming practices interact with landscape features 
to affect bees and pests (Figure 1b). We predicted that high fertil-
izer use would increase their abundance, while pesticide use would 
decrease it, possibly suppressing the beneficial effects of land-
scape features (Gagic, Marcora, & Howie, 2019; Park et al., 2015). 
We also expected that field size would decrease bee abundance, 
but increase pest abundance. Using structural equation modelling 
(SEM), we finally analysed the combined effects of landscape and 
farming practices on OSR yield through their direct and indirect 
effects (Figure 1c,d).

2  |  MATERIAL S AND METHODS

2.1  |  Study site and field selection

The study was carried out in the ‘Zone Atelier Plaine & Val de Sèvre’, 
a long- term social– ecological research (LTSER) site of 435 km2 
(Bretagnolle et al., 2018) located in western France. Between 2013 and 
2018, we surveyed 124 fields (2013 = 10 fields, 2014 = 22, 2015 = 25, 
2016 = 29, 2017 = 18 and 2018 = 20) at this site. Only winter OSR, the 
main OSR crops in Western Europe, is grown here. This crop blooms 
between mid- March and the end of May, representing around 8% of 
the LTSER agricultural area. The OSR sown consists mainly of hybrid 
varieties (Catarino et al., 2019; Perrot et al., 2018). The focal fields were 
selected using a moving window procedure (Bretagnolle et al., 2018) to 
avoid any strong correlation between the three landscape features of 
interest, that is, those known to be strong drivers of farmland biodi-
versity: wood habitats (hedges and forest patches), meadows (includ-
ing temporary grasslands such as alfalfa) and organically farmed fields. 

F I G U R E  1  Schematic representation of our research strategy to assess the direct and indirect effects of landscapes, farming practices, 
bees and pests on OSR yields. We first investigated the effect of landscape on bee and pest abundance (a), and then included the effect 
of farming practices and their interaction with landscape (b). Then we explored the direct effects of bee and pest abundance as well as 
farming practices on OSR yield (c). Linear models were used for these three steps. Finally (d), using structural equation modelling, we 
clarify the pathways through which landscape and farming practices affected OSR yields, that is, whether the effect was direct, indirect 
or both direct and indirect through bee and pest abundances. %OSR, %PastSun and %OF for respectively %oilseed rape, %past sunflower 
and % organically farmed fields.
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Land use is mapped annually for each of the 13,000 fields in the LTSER, 
and all information is stored on a GIS database (Bretagnolle et al., 2018). 
Once OSR fields were selected, we asked farmers for the permission 
to fieldwork— we obtained this permission in all the fields in which we 
collected data. Field sizes ranged from 0.84 to 28.49 ha (mean 6.8 ha) 
and distance between monitored fields were on average 2.3 km (0.24– 
11.3 km). We used the IGCS soil map (https://www.geopo rtail.gouv.fr/) 
to categorize soil types, which belong to four main classes in the LTSER: 
three are calcareous soils, but vary in soil depth from 20 cm (n = 60), 
30 cm (n = 41) to 40 cm (n = 7), and the last is red silt over limestone 
(n = 16). All fields were farmed using conventional agriculture methods 
and were never sampled in two consecutive years.

2.2  |  Landscape metrics

We used landscape data from the year during which pollinators and 
pests were surveyed in OSR fields to compute the proportion of oil-
seed rape in the landscape (i.e. area of OSR in the buffer zone minus 
the area of the focal field; %OSR), the proportion of organically 
farmed arable fields (%OF), and the proportion of semi- natural habi-
tat within the selected buffer zone. We divided SNH into wood habi-
tats (%Wood) and meadows (%Meadow), as these two habitats can 
differently affect insect presence (Veres et al., 2013).The proportion 
of hedgerows was not considered because of its high correlation 
with the proportion of meadows (Figure S2). We also measured the 
effect of mass- flowering crops in the surrounding landscape the pre-
ceding year by calculating the proportion of sunflowers in the land-
scape at year n − 1 (%PastSun). Sunflowers flower between late June 
and mid- August and represent 10.4% of the LTSER agricultural area. 
Sunflower spatial distribution was quite stable between years (year- 
to- year Pearson correlation at a 2- km radius was 0.75, N = 124). 
Except between meadows and hedgerows, the landscape metrics 
showed very low between- class correlation (r ≤ 0.5, see Figure S2).

2.3  |  Farming practices

Data on yield and farming practices were collected each year during 
interviews conducted with farmers after the harvest. We focused on 
the three main fertilizers (i.e. nitrogen, phosphorus and potassium) to 
estimate fertilizer intensity in order to assess fertilizer effect on crop 
attractiveness for bees and pests (Otieno et al., 2011). The amount 
of inorganic nitrogen used was directly calculated from the fertilizer 
composition and the quantity applied, while the quantity of nitrogen 
mineralized from organic fertilizers was deduced using the method 
described in Jeuffroy and Recous (1999). Pesticide pressure was 
assessed using the treatment frequency index (TFI; Organisation 
for Economic Cooperation and Development, 2001). This standard 
quantitative index allows pesticide- use intensity between fields to 
be compared, as TFI measures the intensity of applications as the 
dosage applied per unit of cultivated area in relation to the recom-
mended dosage per crop type as provided under national guidelines 

(Organisation for Economic Cooperation and Development, 2001). 
Farming practices are summarized in Table S4. Pesticide- use inten-
sity was the sum of the TFI of insecticides, herbicides and fungicides, 
and fertilizer- use intensity was the sum of nitrogen, phosphorus and 
potassium, all centred and scaled before being summed (Jorgenson 
& Kuykendall, 2008). Fertilizer and pesticide intensities were not 
 related to soil types (ANOVAs, all p > 0.1).

2.4  |  Insect sampling

Insects were sampled during the OSR flowering period, from Julian day 
90 (1 April) to 170 (20 June; Perrot et al., 2018). Three complementary 
methods were used to assess insect abundance: pitfall traps, pantraps 
and sweep netting along transects. The pantrap method is appropriate 
for estimating wild bee abundance (especially for the Halictidae fam-
ily, such as Lasioglossum spp; Perrot et al., 2018) and pest abundance, 
at least for species found on plant inflorescence (Lundin et al., 2012). 
Honeybee abundance is better estimated by sweep netting (Perrot 
et al., 2018; Westphal et al., 2008). Pitfall traps were used to estimate 
ground pest abundance, for example, flea beetles (Coleoptera: Alticini, 
Lundin, 2019). Pantraps consisted of bowls of three different colours 
and were set at the canopy of OSR plants. Pitfall traps were put on 
ground. Four to five pitfalls and 12 to three pantraps were set per 
field according to year at two different positions in the field, that is, 
the edge and centre (~50 m from edge) of fields. Both pantraps and 
pitfalls were filled by soap water and left in fields during 4 days. Sweep 
netting consisted, in each field, in two or three transects of 50 m ac-
cording to year. See Appendix A for the complete catch protocol de-
scription, the catch summary and correlation between catches. For 
bees, we considered the two dominant OSR pollinators in our samples, 
that is, genus Lasioglossum spp. (a wild bee genus, 51.2% of total bee 
sampled) and honeybees (88.1%) respectively for pantraps and sweep 
netting (Table S1; Catarino et al., 2019; Perrot et al., 2018). These two 
genera were also the main contributor of OSR pollination in our study 
site (Perrot et al., 2018). Concerning pests, we considered four cate-
gories regarded as responsible for most damage in OSR crop produc-
tion (Lundin, 2019; Lundin et al., 2013; Rusch et al., 2013; Sutter & 
Albrecht, 2016; Zaller et al., 2008): aphids (Aphididae spp.), flea beetles 
(Alticini spp.), weevils (Curculionidae spp.) and pollen beetles (Meligethes 
spp.). Pest abundance estimated by the two methods was not corre-
lated (r = 0.06, see Figure S1). Different species were generally caught 
per method type: pantrap catches mainly consisted of pollen beetles 
(57%) and aphids (21.9%), while pitfall catches mainly consisted of flea 
beetles (56.7%) and pest weevils (34.5%, Table S1).

2.5  |  Statistical analyses

First, we used linear models (LMs) to analyse landscape effects on bee 
and pest abundance in OSR fields (Figure 1a). Landscape effects were 
investigated either on total pest abundance (sum of weevils, flea bee-
tles, aphids and pollen beetles: hereafter, pest abundance) separately 

https://www.geoportail.gouv.fr/
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per method (pantrap or pitfall) or separately on each of the four 
groups. Similarly, landscape effects were analysed on Lasioglossum and 
honeybee abundance, separately or combined (hereafter, bee abun-
dance). To sum abundances of Lasioglossum and honeybees obtained 
with different trapping methods, following Catarino et al. (2019), we 
centred and scaled Lasioglossum abundance over the 6 years, while 
honeybees were centred and scaled for 2013– 14 and 2015– 18 sepa-
rately to account for changes in count methodology between these 
two periods. The proportion of OSR (%OSR), woodland (%Wood), 
meadows (%Meadow) and organic farming (%OF) in the landscape in 
a given year and the proportion of sunflowers in the landscape in the 
preceding year (%PastSun) were used as explanatory variables. We did 
not include past %OSR which was found to have no effect on bee or 
pest abundance in preliminary analyses. The spatial scale of influence 
of each landscape metric was determined by maximizing the likeli-
hood of the LM using the ‘bsiland’ function of the ‘siland’ r package 
(Carpentier & Martin, 2021). This method allows to estimate simulta-
neously (but independently) the effect of each landscape variables and 
their spatial scales of influence. Spatial scale was estimated from 100 m 
(i.e. the minimum distance to the neighbouring field) to 2,000 m (i.e. 
higher range of pollinators' dispersion capacity) from the field border 
(Torné- Noguera et al., 2014). There was a very low overlap between 
buffers (on average 9.76% ± 9.79 SD on each buffer size estimated with 
the ‘Siland’ method), indicating that sample fields remained independ-
ent statistically. For the sake of robustness, we however ran LMs using 
bootstraps for randomly eliminating sampled field with overlapping 
buffers and found identical results (data not shown).

Next, we investigated the effect of farming practices at field 
scale and in interaction with landscape features on bee and pest 
abundance (Figure 1b). We used results of the previous models (i.e. 
the variables retained as well as the spatial scales of effects) and 
included three new explanatory variables, all related to farming 
practices: field size, pesticide intensity and fertilizer intensity. We 
also included soil type and interactions between pesticide use with 
each landscape variable. Pesticide use was preferred to insecticide 
use because herbicides and fungicides were shown to affect insects 
directly or indirectly (Potts et al., 2016). All analyses were also ran, 
however, using insecticide use (instead of pesticide use). A backward 
model selection procedure based on Akaike information criteria 
(AIC; Burnham & Anderson, 2004) was applied to compare the rela-
tive performance of the different combinations of variables.

Next, the relative contribution of farming practices and biodiver-
sity on OSR yield was investigated using a LM with soil type, field size, 
fertilizer- use and pesticide- use intensity, and bee and pest abundance 
as explanatory variables (Figure 1c). Interactions between fertilizer 
and pesticide use with bee and pest abundance were also included 
to explore their potential synergistic or antagonistic effects (Sutter & 
Albrecht, 2016; Tamburini et al., 2019). For these analyses, we used pest 
abundance estimated by pitfall trapping rather than by pantrap, since a 
higher correlation (negative) between pests and yield was observed with 
the former (pitfall, r = −0.23, t122 = −2.65, p = 0.009) than the latter (pan-
traps, r = 0.006, t122 = 0.07, p = 0.94). Backward model selection proce-
dures were also used in this analysis. Since OSR yield varies annually and 

spatially at a large spatial scale due to pedo- climatic effects (which can 
be considered as confounding effects), we also conducted this analysis 
using an estimated OSR yield (explained variable) obtained by correct-
ing observed yield by weather conditions and field spatial coordinates 
(latitude and longitude of the OSR field). As the results were similar (see 
Table S6), we only present the results with the uncorrected OSR yield. 
We did not include OSR cultivars in models because previous analyses 
in our study site showed an absence of effect of cultivars on the insect 
pollination benefit to OSR yield (Perrot et al., 2018).

Finally, we built a structural equation model (SEM; Lefcheck, 2016) 
to clarify the pathways through which landscape and farming practices 
affected OSR yields, that is, whether the effect was direct, indirect or 
both direct and indirect through bee and pest abundances. We used lin-
ear mixed models with soil depth as a random effect to fit the SEMs. The 
SEM thus included direct paths to yield from farming practices, land-
scape features, bee and pest abundance, as well as indirect paths from 
landscape, soil type and farming practice effects on bee and pest abun-
dance (Figure 1). To avoid overfitting of our models, farming practices 
and landscape variables that were removed from previous models by 
stepwise selection were not considered in the SEM model. Landscape 
was represented by the landscape variables retained in the landscape 
analysis for bee abundance because this spatial scale was largest than 
the one for pests and thus included all other landscape metrics. We fur-
ther ran one different SEM with buffer size estimated for pest abun-
dance but also by using only insecticide, to ensure that this a priori choice 
did not alter the results. SEM model was also run without field size to 
test for potential confounding effects between field size and landscape 
structure. We used a bootstrapping, that is, running 10,000 simulations, 
to test the probability that the path coefficient differs from zero.

All analyses were performed using R 3.6.2 software (R Core 
Team, 2015). For all LM models without interaction terms, we checked 
for spatial autocorrelation in the residuals using a Moran test (Bivand 
& Wong, 2018). Collinearity between variables was checked with the 
variance inflation factor (VIF). None spatial autocorrelation (Moran 
test, all p > 0.06) was found as well as collinearity (all VIF < 1.8). We 
used the ‘siland’ package to estimate the spatial extent of landscape 
variables (Carpentier & Martin, 2021), the ‘spdep’ function for the spa-
tial autocorrelation test (Anselin et al., 2012) and the ‘semEff’ package 
for SEM (Murphy, 2021). To meet the assumption of normality and 
homoscedasticity of model residuals, field size, fertilizer and pesticide 
intensity, and bee and pest abundance were transformed either as 
log10(x + 1) or as log10(x + abs[min] + 1) when the smallest x- value was 
<0, and the amount of organically farmed fields, woods and meadows 
were square- root transformed (Morrissey & Ruxton, 2020).

3  |  RESULTS

3.1  |  Landscape effects on bees and pests

Using LM with only landscape variables showed that landscape fea-
tures better predicted bee than pest abundance, with respectively 
20%, 10% and 9% of variance (R2 model) explained for bees, pests 
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estimated by pantrap and pests estimated by pitfall trap (Figure 2 
and Table S2 for summary of linear models). Total bee abundance 
significantly increased with %PastSun (amount of sunflowers in 
previous year) at a 1,753 m radius (Figure 2a), as well as with %OF 
and %Meadow at smaller spatial scales (<350 m from field border, 
i.e. in neighbouring field; Table S2, Figure 2c– e), and significantly 
decreased with %OSR at 1957 m (Table S2, Figure 2b). Separating 
bees between Lasioglossum and honeybees showed that both in-
creased significantly with %PastSun, as well as %OF, although only 
significantly for Lasioglossum (Table S3). Honeybees also increased 
with %Meadow and %Wood, but decreased with %OSR (Table S3).

Pest abundance estimated from pitfall traps decreased signifi-
cantly with %OF at a 100- m radius outside the focal field (Table S2, 
Figure 2j), while pest abundance estimated with pantraps decreased 
with %Meadow at 433 m although not significantly (Table S2). When 
investigating pest taxa separately, only aphid and pollen beetle abun-
dances (pantraps) decreased with %Wood (Table S3). Weevil abun-
dance (pitfalls) increased significantly with %OSR, but flea beetle 
abundance (pitfalls) was not affected by landscape (Table S3).

3.2  |  Effects of farming practices and landscape on 
bees and pests

Accounting for both farming practices and landscape effects in-
creased the goodness- of- fits of the models, especially for total bees 
(R2 = 24% compared to 10% with only farming practices) and pests 
caught with pitfall traps (R2 = 17%, compared to 6% with only farm-
ing practices). Bee abundance significantly decreased with increased 

field size (Table 1). Neither fertilizer nor pesticide intensity signifi-
cantly affected bee abundance, and pesticide intensity was actually 
deleted by the model selection procedure. No significant interac-
tions were detected between landscape and farming practices on 
bee abundance (Table 1). Similarly, farming practices did not affect 
pest abundance whatever the pest estimation methods (Table 1). 
Models were not improved when using the insecticide treatment 
frequency index (data not shown). Pest abundance estimated with 
pitfall traps varied with soil quality with higher abundance in super-
ficial (i.e. >20 cm depth) calcareous soils than in other soils (Table 1).

3.3  |  Relative contributions of farming practices, 
bees and pests on yield

Farming practices, bee and pest abundance, soil quality and field size 
explained 35% of variance in OSR yield, all having a significant effect 
on yield (Figure 3; see Table S7 for summary of linear model). Yields 
were on average 20.3% higher in red soils than in calcareous soils, and 
increased with pesticide and fertilizer intensity, although rapidly satu-
rating (Figure 3a,b). Bee and pest abundance contributed equally but in 
opposing directions to OSR yield, with a 32.5% (CI: 15.2%– 49.9%, i.e. 
+0.83 t/ha; Figure 3c, Table S7) increase effect on yield between the 
lowest and the highest bee abundance. In contrast, yield was 25.4% 
(CI: 9.8%– 41%; i.e. −0.77 t/ha; Figure 3d, Table S7) higher in fields with 
the lowest pest abundance compared to those with the highest pest 
abundance. Fertilizers interacted with both bee and pest abundance in 
their effects on OSR yield by reducing respectively their positive and 
negative effect on yield, although with marginal significance (Table S7).

F I G U R E  2  Effect of the proportion of (a) past sunflowers, (b) oilseed rape, (c) meadows, (d) organically farmed fields and (e) woods in the 
surrounding landscape on (a– e) bee and (f– j) pest abundance (estimated by pitfall traps). Solid lines show significant effects and dotted lines 
non- significant effects as predicted by linear models. Shaded areas show confidence intervals at 95%. Buffer size estimated for each metric 
using the Siland method is indicated in brackets on the x- axis. Bee and pest abundance is log- transformed (see Section 2).
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TA B L E  1  Summary of the linear model on the effects of farming practices and landscape and their two- way interactions on bee and 
pest abundance (estimated by pantraps or pitfall traps). Significant effects (p < 0.05) are in bold. Shaded cases represent variables excluded 
by the model selection procedure. All abundances, field sizes and farming practices are log- transformed. The amount of organic farming, 
woods and meadows are square- root transformed. The spatial extent of the effect of each landscape variable was estimated using the Siland 
method.

Bee abundance Pest abundance (pantrap) Pest abundance (pitfall)

Buffer 
(m) F p

Buffer 
(m) F p

Buffer 
(m) F p

Soil type 3.134 0.028

Field area 6.021 0.016

Fertilizer intensity 3.134 0.079

Pesticide intensity 0.09 0.765 0.113 0.737

Amount of past sunflower 1753 8.704 0.004

Amount of oilseed rape 1957 4.591 0.034 597 0.657 0.419 1401 3.547 0.062

Amount of organic farming 200 6.904 0.01 100 4.627 0.034

Amount of wood 1973 3.06 0.083

Amount of meadow 302 6.206 0.014 433 3.816 0.053 265 1.448 0.231

Pesticide intensity × oilseed rape 2.247 0.137

Pesticide intensity × amount of meadow 4.532 0.035

F I G U R E  3  Effects of (a) fertilizer intensity, (b) pesticide intensity, (c) bee and (d) pest abundance (estimated by pitfall traps) on OSR yields. 
Lines show significant effects as predicted by linear models. Solid lines represent significant relationships. Shaded areas show confidence 
intervals at 95%.
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3.4  |  Disentangling the effects of landscape, 
biodiversity and farming practices on OSR yield

Overall, we found that landscape features had indirect effects on 
OSR yield except %Wood and %OSR which had no effect, either 
direct or indirect (Figure 4). %OF had a positive indirect signifi-
cant effect on OSR yield by increasing bees and reducing pests. 
%PastSun indirectly increased OSR yield by increasing bees, as 
%Meadow did, by reducing pests. (Figure 4b). The positive effect 
of %Meadow was, however, buffered by its direct negative rela-
tion with OSR yield (Figure 4b). Conversely, farming practices had 
mainly direct effects on OSR yield when significant effects were 
detected: pesticide use had a direct positive effect on OSR yield, 
while fertilizer use direct effect was close to significance, and in-
directly increased yield through bees (Figure 4b). Replacing pes-
ticides by insecticides only did not change the general pattern, 
although insecticides had not significant direct effect on yield 
(Figure S3). Field size had both negative direct and indirect effects, 
but non- significant (Figure 4b). In addition, removing field size from 
the model improved landscape effects overall (Figure S4), sug-
gesting that field size across the study site varied with landscape 
features (e.g. smaller field sizes in landscapes with many mead-
ows). The structural equation model thus corroborated previous 
results obtained with LMs, but highlighted the potential for land-
scape effects to indirectly, through bees and pests, having strong 

consequences on OSR yield (Figure 4b). It also confirmed the role 
of pesticides, having a strong positive effect on OSR yield although 
this was counterbalanced by a negative and similarly strong effect 
of pests. Running the SEM with a landscape scale effect estimated 
for pests revealed a stronger positive indirect effect of %OF but a 
lower effect of %PastSun on OSR yield (Figure S5).

4  |  DISCUSSION

Our results support the growing literature on the effectiveness of 
ecological functions in maintaining high levels of agricultural pro-
ductivity while being sustainable (Kleijn et al., 2019). Importantly, 
our findings reveal that sustainable landscape management of mass- 
flowering crops and semi- natural habitat in addition of fields under 
organic farming can enhance crop yields by improving natural regu-
lation processes such as pollination and natural pest control. The 
study found that OSR yields were higher in landscapes with a high 
amount of sunflowers in the preceding cultivation season, presum-
ably hosting higher bee abundance, as well as in landscapes with a 
high amount of organic farming, leading to reduced pest abundance. 
The study was novel in considering the influence of key landscape 
features on bees and pests collected in the same fields, together 
with the measurement of crop yields. Thus, these results can con-
tribute to paving the way to more sustainable management options.

F I G U R E  4  (a) Structural equation modelling (SEM) depicting the direct and indirect effects of farming practices and landscape on OSR 
yield through their effects on bee and pest abundances. Arrows are solid and black when the relationship is significant and dotted and grey 
when non- significant. The marginal and conditional R2 (denoted as R2

m and R2
c respectively) for yield, bee and pest abundances are provided. 

(b) Direct and indirect effects of farming practices, field size, landscape, bee or pest abundance on yield. Estimates and their confidence 
intervals were obtained by bootstrapping. Direct effects are black, and indirect effects are grey. Stars show significant effects. %OSR, 
PastSun and %OF for respectively %oilseed rape, %past sunflower and % organically farmed fields.
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4.1  |  Landscape features enhance bees and 
suppress pests

We found that a higher proportion of organic farming and meadows 
in the landscape increased bee abundance and decreased pest abun-
dance, and showed indirect effects on OSR yields. These findings 
confirm the key role of these landscape features in providing flo-
ral resources and nesting habitats for bees (Holzschuh et al., 2008; 
Kennedy et al., 2013). While organic farming is widely acknowledged 
for its capacity to increase pollinators (Holzschuh et al., 2008), its 
effect on pests is more debated as organically farmed fields can be 
reservoirs for pests (Muneret et al., 2018). Yet our findings suggest 
that a higher amount of organic farming in the landscape actually 
reduces pest pressure, through an increase in natural pest control, 
as these fields shelter natural pest enemies (Muneret et al., 2018). 
This phenomenon has also been observed for meadows (Veres 
et al., 2013). However, contrasting and complex effects of meadows 
and organic farming were found on bees and pests. For example, 
while the amount of meadows in the landscape increased honey-
bee abundance, it had no effect on wild bees (Lasioglossum). This 
may be because most Lasioglossum do not depend on semi- natural 
habitats for breeding, since they nest in bare soil (Torné- Noguera 
et al., 2014).

As predicted, we found a dilution effect on bees related to 
the amount of OSR in the landscape neighbouring the focal field 
(Holzschuh et al., 2016). The scale of the spatial effect of OSR on 
bees was relatively large (i.e. 1,957 m) compared to the scale at 
which it is generally explored (i.e. 1,000 m; Holzschuh et al., 2016), 
although this spatial extent was much lower when separately con-
sidering honeybee and Lasioglossum abundance (i.e. 609 and 443 m 
respectively), probably in relation to different dispersal capacities 
(Torné- Noguera et al., 2014). In contrast to the effect of the per-
centage of OSR fields, bee abundance strongly increased with the 
amount of sunflowers in the landscape the preceding year. This 
positive effect of the presence of late floral resources on pollina-
tors in OSR was predicted in a model by Häussler et al. (2017). To 
our knowledge, ours is the first empirical study to demonstrate the 
interannual relationship between a late mass- flowering crop (sun-
flowers) and an early mass- flowering crop (OSR) on bees. Indeed, 
landscape with a high amount of sunflower can be attractive for 
beekeepers resulting in a higher hives density and honeybee 
abundance. However, the positive effect of sunflowers was also 
detected for Lasioglossum. Our results therefore extend those of 
Riedinger et al. (2014), who showed a temporal spillover of bum-
blebees between oilseed rape and late- flowering sunflower fields 
within the same year.

4.2  |  Farming practices loosely affect bee and 
pest abundance

We postulated that high fertilizer use would increase bee and 
pest abundance, while pesticide use would decrease it, possibly 

suppressing the beneficial effects of landscape. Rather unexpect-
edly, we found that farming practices had fairly small effects on bee 
or pest abundance, and therefore no indirect effects on OSR yields. 
Pesticide use was not found to affect bees or pests, despite a weak 
relationship being found in a previous study at this study site with 
a smaller dataset (Catarino et al., 2019). Park et al. (2015) showed 
that the time- lag between pesticide application and negative effect 
on bees can be greater than 1 year and may explain the absence of 
relation in our study that considers pesticides application of the 
sampling year. The use of the treatment frequency index may also 
explain the absence of a negative effect of pesticides on biodiver-
sity, because this quantitative index fails to correctly estimate toxic-
ity (Möhring et al., 2019). However, pesticide use cancelled out the 
negative effect of meadows on pests, as has been found in previous 
studies showing that the positive effect of SNH on pest predation 
was removed by pesticides (Gagic, Hulthen, et al., 2019). This is likely 
due to the well- known negative effect of pesticides on the com-
munity of natural enemies (Greenop et al., 2020). We additionally 
considered field size as a farming practice in our framework as this 
depends on farming decisions. We found that increased field size 
had a negative effect on bee abundance, suggesting that bee diffu-
sion in OSR fields is limited by their flight distance capacity (Torné- 
Noguera et al., 2014) or bee abundance was diluted in larger fields 
(Holzschuh et al., 2016).

5  |  SYNTHESIS AND MANAGEMENT 
IMPLIC ATIONS

Over the past decade, evidence has been accumulating on the abil-
ity of nature- based solutions to maintain or increase crop produc-
tion while preserving the environment and biodiversity (see the 
review in Kleijn et al., 2019). Our results confirm that ecological 
functions that enhance natural regulation, such as insect pollina-
tion and natural pest control, may be a sustainable pathway to im-
proving OSR yields, hence a way to foster sustainable farming. We 
found that OSR yields benefited from biodiversity at almost the 
same magnitude as agrochemical inputs, but biodiversity benefits 
were indirectly mediated by landscape features, as shown by the 
SEM analysis. A similar magnitude of effects on yields between 
bees and agrochemicals has been previously found (Catarino 
et al., 2019), but our study extended this to pests. Moreover, 
similar yields in fact means increased margins for farmers, since 
biodiversity- based solutions avoid costly agrochemical application 
costs (Catarino et al., 2019). Further studies should, however, be 
conducted to confirm our results by including pest damage meas-
ures and extending pest survey all over the cropping period (from 
sowing to harvest).

This joint analysis of the effects of biodiversity, agrochemicals 
and landscape features on OSR yield highlights the significant role of 
landscapes as a management tool for simultaneously improving bee 
abundance while reducing pests. Different landscape elements as 
well as contrasting spatial scales seem to be involved. In particular, 
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landscapes rich in organic farming and with high amounts of sun-
flowers may ensure high flower resources and nesting sites for bees 
and the natural enemies of pests, allowing farmers to increase their 
yields without increasing pesticide use. This pattern improved when 
field size was moderate. However, while more ecological landscape 
management had positive effects on bees and negative effects on 
pests, this effect was lower than farming practices, suggesting that 
a combination of reducing agrochemical inputs and field size, in par-
allel with improving landscape features for bees and pests, may be 
the best solution to optimize not just yields but other ecosystem 
services.

AUTHORS'  CONTRIBUTIONS
V.B. and S.G. designed the study; T.P. performed the statistical anal-
ysis, with help from S.G.; S.G. and T.P. wrote the first draft of the 
manuscript; All authors contributed substantially to revisions and 
editing, and gave their final approval for publication.

ACKNOWLEDG EMENTS
We thank Jean- Luc Gautier, Alexis Saintilan and Anthony Stoquert 
for their help with the OSR experiment and pollinator trapping, 
Marilyn Roncoroni for pollinator identification, Fabien Vialloux for 
interviewing farmers and Ambroise Lahut for managing the inquir-
ies database. We also thank Lucas Boutaud for creating the insect 
silhouette images. Our sincere thanks to the farmers of the LTSER 
‘Zone Atelier Plaine & Val de Sèvre’ for their involvement in our 
research programme. Finally, we thank an anonymous reviewer 
and Ben Woodcock for the time spent on reviewing our manuscript 
and their comments helping us improving the manuscript. This 
research was funded by the French National Research Agency's 
(ANR) ‘Increase the Multifunctionality of Agroecosystems through 
Trophic Networks’ (IMAgHO) project (ANR- 18- CE32- 0002) and the 
French Ministry of the EnvironmentMinistry of the Environment's 
‘Pollinisateurs’ project. This study also received funding from the 
European Union's Horizon 2020 research and innovation pro-
gramme under grant agreement SHOWCASE No. 862480. T.P. is 
partially funded by the regional government of Nouvelle- Aquitaine 
(HARMONIE project). S.G. and V.B. are funded by the French 
National Institute for Agriculture, Food and the Environment 
(INRAE) and the French National Centre for Scientific Research 
(CNRS) respectively.

CONFLIC T OF INTERE S T
We declare no competing interests.

DATA AVAIL ABILIT Y S TATEMENT
Data available via the Zenodo Repository https://doi.org/10.5281/
zenodo.6487661 (Perrot et al., 2022).

ORCID
Thomas Perrot  https://orcid.org/0000-0003-3881-1370 
Vincent Bretagnolle  https://orcid.org/0000-0002-2320-7755 
Sabrina Gaba  https://orcid.org/0000-0002-7145-6713 

R E FE R E N C E S
Aizen, M. A., Aguiar, S., Biesmeijer, J. C., Garibaldi, L. A., Inouye, D. W., 

Jung, C., Martins, D. J., Medel, R., Morales, C. L., Ngo, H., Pauw, A., 
Paxton, R. J., Sáez, A., & Seymour, C. L. (2019). Global agricultural 
productivity is threatened by increasing pollinator dependence 
without a parallel increase in crop diversification. Global Change 
Biology, 25(10), 3516– 3527. https://doi.org/10.1111/gcb.14736

Anselin, L., Assunção, R., Berke, O., Blanchet, G., Blankmeyer, E., 
Carvalho, M., Christensen, B., Dormann, C., Halbersma, R., Krainski, 
E., Legendre, P., Li, H., Ma, J., Millo, G., Ono, H., Peres- neto, P., Piras, 
G., Tiefelsdorf, M., Yu, D., & Rogerbivandnhhno, M. R. B. (2012). 
Package ‘spdep’. R- Cran.

Bartomeus, I., Potts, S. G., Steffan- Dewenter, I., Vaissière, B. E., 
Woyciechowski, M., Krewenka, K. M., Tscheulin, T., Roberts, 
S. P. M., Szentgyörgyi, H., Westphal, C., & Bommarco, R. (2014). 
Contribution of insect pollinators to crop yield and quality var-
ies with agricultural intensification. PeerJ, 2, e328. https://doi.
org/10.7717/peerj.328

Bivand, R. S., & Wong, D. W. S. (2018). Comparing implementations of 
global and local indicators of spatial association. TEST, 27(3), 716– 
748. https://doi.org/10.1007/s1174 9- 018- 0599- x

Bommarco, R., Kleijn, D., & Potts, S. G. (2013). Ecological intensifica-
tion: Harnessing ecosystem services for food security. Trends in 
Ecology and Evolution, 28(4), 230– 238. https://doi.org/10.1016/j.
tree.2012.10.012

Bretagnolle, V., Berthet, E., Gross, N., Gauffre, B., Plumejeaud, C., Houte, 
S., Badenhausser, I., Monceau, K., Allier, F., Monestiez, P., & Gaba, 
S. (2018). Towards sustainable and multifunctional agriculture in 
farmland landscapes: Lessons from the integrative approach of a 
French LTSER platform. Science of the Total Environment, 627, 822– 
834. https://doi.org/10.1016/j.scito tenv.2018.01.142

Burnham, K. P., & Anderson, D. R. (2004). Multimodel inference. 
Sociological Methods & Research, 33(2), 261– 304. https://doi.
org/10.1177/00491 24104 268644

Carpentier, F., & Martin, O. (2021). Siland a R package for estimating 
the spatial influence of landscape. Scientific Reports, 11(1), 7488. 
https://doi.org/10.1038/s4159 8- 021- 86,900- 0

Catarino, R., Bretagnolle, V., Perrot, T., Vialloux, F., & Gaba, S. (2019). Bee 
pollination outperforms pesticides for oilseed crop production and 
profitability. Proceedings of the Royal Society B: Biological Sciences, 
286(1912), 20191550. https://doi.org/10.1098/rspb.2019.1550

Deutsch, C. A., Tewksbury, J. J., Tigchelaar, M., Battisti, D. S., Merrill, 
S. C., Huey, R. B., & Naylor, R. L. (2018). Increase in crop losses 
to insect pests in a warming climate. Science, 361(6405), 916– 919. 
https://doi.org/10.1126/scien ce.aat3466

Egan, P. A., Dicks, L. V., Hokkanen, H. M. T., & Stenberg, J. A. (2020). 
Delivering integrated Pest and pollinator management (IPPM). 
Trends in Plant Science, 25(6), 577– 589. https://doi.org/10.1016/j.
tplan ts.2020.01.006

Gagic, V., Hulthen, A. D., Marcora, A., Wang, X., Jones, L., & Schellhorn, 
N. A. (2019). Biocontrol in insecticide sprayed crops does not 
benefit from semi- natural habitats and recovers slowly after 
spraying. Journal of Applied Ecology, 56(9), 2176– 2185. https://doi.
org/10.1111/1365- 2664.13452

Gagic, V., Marcora, A., & Howie, L. (2019). Additive and interac-
tive effects of pollination and biological pest control on crop 
yield. Journal of Applied Ecology, 56(11), 2528– 2535. https://doi.
org/10.1111/1365- 2664.13482

Godfray, H. C. J., Crute, I. R., Haddad, L., Lawrence, D., Muir, J. F., Nisbett, 
N., Pretty, J., Robinson, S., Toulmin, C., & Whiteley, R. (2010). The 
future of the global food system. Philosophical Transactions of the 
Royal Society B: Biological Sciences, 365(1554), 2769– 2777. https://
doi.org/10.1098/rstb.2010.0180

Grab, H., Blitzer, E. J., Danforth, B., Loeb, G., & Poveda, K. (2017). 
Temporally dependent pollinator competition and facilitation 

https://doi.org/10.5281/zenodo.6487661
https://doi.org/10.5281/zenodo.6487661
https://orcid.org/0000-0003-3881-1370
https://orcid.org/0000-0003-3881-1370
https://orcid.org/0000-0002-2320-7755
https://orcid.org/0000-0002-2320-7755
https://orcid.org/0000-0002-7145-6713
https://orcid.org/0000-0002-7145-6713
https://doi.org/10.1111/gcb.14736
https://doi.org/10.7717/peerj.328
https://doi.org/10.7717/peerj.328
https://doi.org/10.1007/s11749-018-0599-x
https://doi.org/10.1016/j.tree.2012.10.012
https://doi.org/10.1016/j.tree.2012.10.012
https://doi.org/10.1016/j.scitotenv.2018.01.142
https://doi.org/10.1177/0049124104268644
https://doi.org/10.1177/0049124104268644
https://doi.org/10.1038/s41598-021-86,900-0
https://doi.org/10.1098/rspb.2019.1550
https://doi.org/10.1126/science.aat3466
https://doi.org/10.1016/j.tplants.2020.01.006
https://doi.org/10.1016/j.tplants.2020.01.006
https://doi.org/10.1111/1365-2664.13452
https://doi.org/10.1111/1365-2664.13452
https://doi.org/10.1111/1365-2664.13482
https://doi.org/10.1111/1365-2664.13482
https://doi.org/10.1098/rstb.2010.0180
https://doi.org/10.1098/rstb.2010.0180


    |  11Journal of Applied EcologyPERROT ET al.

with mass flowering crops affects yield in co- blooming crops. 
Scientific Reports, 7(1), 45296. https://doi.org/10.1038/srep4 
5296

Greenop, A., Cook, S. M., Wilby, A., Pywell, R. F., & Woodcock, B. A. 
(2020). Invertebrate community structure predicts natural pest 
control resilience to insecticide exposure. Journal of Applied Ecology, 
57(12), 2441– 2453. https://doi.org/10.1111/1365- 2664.13752

Haan, N. L., Zhang, Y., & Landis, D. A. (2020). Predicting landscape 
configuration effects on agricultural Pest suppression. Trends in 
Ecology & Evolution, 35(2), 175– 186. https://doi.org/10.1016/j.
tree.2019.10.003

Hass, A. L., Kormann, U. G., Tscharntke, T., Clough, Y., Baillod, A. B., 
Sirami, C., Fahrig, L., Martin, J.- L., Baudry, J., Bertrand, C., Bosch, J., 
Brotons, L., Burel, F., Georges, R., Giralt, D., Marcos- García, M. Á., 
Ricarte, A., Siriwardena, G., & Batáry, P. (2018). Landscape configu-
rational heterogeneity by small- scale agriculture, not crop diversity, 
maintains pollinators and plant reproduction in western Europe. 
Proceedings of the Royal Society B: Biological Sciences, 285(1872), 
20172242. https://doi.org/10.1098/rspb.2017.2242

Häussler, J., Sahlin, U., Baey, C., Smith, H. G., & Clough, Y. (2017). 
Pollinator population size and pollination ecosystem service re-
sponses to enhancing floral and nesting resources. Ecology and 
Evolution, 7(6), 1898– 1908. https://doi.org/10.1002/ece3.2765

Holland, J. M., Douma, J. C., Crowley, L., James, L., Kor, L., Stevenson, 
D. R. W., & Smith, B. M. (2017). Semi- natural habitats support bi-
ological control, pollination and soil conservation in Europe. A re-
view. Agronomy for Sustainable Development, 37(4), 31. https://doi.
org/10.1007/s1359 3- 017- 0434- x

Holzschuh, A., Dainese, M., González- Varo, J. P., Mudri- Stojnić, S., 
Riedinger, V., Rundlöf, M., Scheper, J., Wickens, J. B., Wickens, V. 
J., Bommarco, R., Kleijn, D., Potts, S. G., Roberts, S. P. M., Smith, 
H. G., Vilà, M., Vujić, A., & Steffan- Dewenter, I. (2016). Mass- 
flowering crops dilute pollinator abundance in agricultural land-
scapes across Europe. Ecology Letters, 19(10), 1228– 1236. https://
doi.org/10.1111/ele.12657

Holzschuh, A., Steffan- Dewenter, I., & Tscharntke, T. (2008). 
Agricultural landscapes with organic crops support higher 
pollinator diversity. Oikos, 117(3), 354– 361. https://doi.
org/10.1111/j.2007.0030- 1299.16303.x

Jeuffroy, M., & Recous, S. (1999). Azodyn: A simple model simulating the 
date of nitrogen deficiency for decision support in wheat fertiliza-
tion. European Journal of Agronomy, 10(2), 129– 144.

Jorgenson, A. K., & Kuykendall, K. A. (2008). Globalization, foreign in-
vestment dependence and agriculture production: Pesticide and 
fertilizer use in less- developed countries, 1990– 2000. Social Forces, 
87(1), 529– 560. https://doi.org/10.1353/sof.0.0064

Karp, D. S., Chaplin- Kramer, R., Meehan, T. D., Martin, E. A., DeClerck, 
F., Grab, H., Gratton, C., Hunt, L., Larsen, A. E., Martínez- Salinas, 
A., O’Rourke, M. E., Rusch, A., Poveda, K., Jonsson, M., Rosenheim, 
J. A., Schellhorn, N. A., Tscharntke, T., Wratten, S. D., Zhang, W., … 
Zou, Y. (2018). Crop pests and predators exhibit inconsistent re-
sponses to surrounding landscape composition. Proceedings of the 
National Academy of Sciences of the United States of America, 115(33), 
E7863– E7870. https://doi.org/10.1073/pnas.18000 42115

Kennedy, C. M., Lonsdorf, E., Neel, M. C., Williams, N. M., Ricketts, T. 
H., Winfree, R., Bommarco, R., Brittain, C., Burley, A. L., Cariveau, 
D., Carvalheiro, L. G., Chacoff, N. P., Cunningham, S. A., Danforth, 
B. N., Dudenhöffer, J. H., Elle, E., Gaines, H. R., Garibaldi, L. A., 
Gratton, C., … Kremen, C. (2013). A global quantitative synthesis 
of local and landscape effects on wild bee pollinators in agroeco-
systems. Ecology Letters, 16(5), 584– 599. https://doi.org/10.1111/
ele.12082

Kleijn, D., Bommarco, R., Fijen, T. P. M., Garibaldi, L. A., Potts, S. G., & 
van der Putten, W. H. (2019). Ecological intensification: Bridging 
the gap between science and practice. Trends in Ecology & Evolution, 
34(2), 154– 166. https://doi.org/10.1016/j.tree.2018.11.002

Klein, A.- M., Vaissière, B. E., Cane, J. H., Steffan- Dewenter, I., 
Cunningham, S. A., Kremen, C., & Tscharntke, T. (2007). Importance 
of pollinators in changing landscapes for world crops. Proceedings of 
the Royal Society B: Biological Sciences, 274(1608), 303– 313. https://
doi.org/10.1098/rspb.2006.3721

Lefcheck, J. S. (2016). piecewiseSEM: Piecewise structural equa-
tion modelling in r for ecology, evolution, and systematics. 
Methods in Ecology and Evolution, 7(5), 573– 579. https://doi.
org/10.1111/2041- 210X.12512

Lundin, O. (2019). No- till protects spring oilseed rape (Brassica napus L.) 
against crop damage by flea beetles (Phyllotreta spp.). Agriculture, 
Ecosystems & Environment, 278(December 2018), 1– 5. https://doi.
org/10.1016/j.agee.2019.03.014

Lundin, O., Smith, H. G., & Bommarco, R. (2012). Integrated pest manage-
ment in red clover seed production. Journal of Economic Entomology, 
105(5), 1620– 1628. https://doi.org/10.1603/EC12179

Lundin, O., Smith, H. G., Rundlöf, M., & Bommarco, R. (2013). When 
ecosystem services interact: Crop pollination benefits depend 
on the level of pest control. Proceedings of the Royal Society B: 
Biological Sciences, 280(1753), 20122243. https://doi.org/10.1098/
rspb.2012.2243

Möhring, N., Gaba, S., & Finger, R. (2019). Quantity based indicators fail 
to identify extreme pesticide risks. Science of the Total Environment, 
646, 503– 523. https://doi.org/10.1016/j.scito tenv.2018.07.287

Morrissey, M. B., & Ruxton, G. D. (2020). Revisiting advice on the analysis 
of count data. Methods in Ecology and Evolution, 11(9), 1133– 1140. 
https://doi.org/10.1111/2041- 210X.13372

Muneret, L., Auriol, A., Thiéry, D., & Rusch, A. (2019). Organic farming at 
local and landscape scales fosters biological pest control in vine-
yards. Ecological Applications, 29(1), 1– 15. https://doi.org/10.1002/
eap.1818

Muneret, L., Mitchell, M., Seufert, V., Aviron, S., Djoudi, E. A., Pétillon, 
J., Plantegenest, M., Thiéry, D., & Rusch, A. (2018). Evidence that 
organic farming promotes pest control. Nature Sustainability, 1(7), 
361– 368. https://doi.org/10.1038/s4189 3- 018- 0102- 4

Murphy, M. V. (2021). Package ‘semEff’: Automatic calculation of effects 
for piecewise structural equation models. R- Cran.

Organisation for Econonomic Cooperation and Development. (2001). 
Environmental indicators for agriculture. Methods and results. 
OECD Observer, 3(203), 400.

Otieno, M., Woodcock, B. A., Wilby, A., Vogiatzakis, I. N., Mauchline, A. 
L., Gikungu, M. W., & Potts, S. G. (2011). Local management and 
landscape drivers of pollination and biological control services in 
a Kenyan agro- ecosystem. Biological Conservation, 144(10), 2424– 
2431. https://doi.org/10.1016/j.biocon.2011.06.013

Park, M. G., Blitzer, E. J., Gibbs, J., Losey, J. E., & Danforth, B. N. (2015). 
Negative effects of pesticides on wild bee communities can be 
buffered by landscape context. Proceedings of the Royal Society B: 
Biological Sciences, 282(1809), 20150299. https://doi.org/10.1098/
rspb.2015.0299

Perrot, T., Bretagnolle, V., & Gaba, S. (2022). Data from: Environmentally- 
friendly landscape management improves oilseed rape yields by 
increasing pollinators and reducing pests. Zenodo. https://doi.
org/10.5281/zenodo.6487661

Perrot, T., Gaba, S., Roncoroni, M., Gautier, J.- L., & Bretagnolle, V. 
(2018). Bees increase oilseed rape yield under real field conditions. 
Agriculture, Ecosystems & Environment, 266, 39– 48. https://doi.
org/10.1016/j.agee.2018.07.020

Potts, S. G., Imperatriz- Fonseca, V., Ngo, H. T., Aizen, M. A., Biesmeijer, 
J. C., Breeze, T. D., Dicks, L. V., Garibaldi, L. A., Hill, R., Settele, J., 
& Vanbergen, A. J. (2016). Safeguarding pollinators and their val-
ues to human well- being. Nature, 540(7632), 220– 229. https://doi.
org/10.1038/natur e20588

R Core Team. (2015). R: A language and environment for statistical comput-
ing. R Foundation for Statistical Computing. ISBN 3- 900051- 07- 0. 
Retrieved from http://www.r- proje ct.org/

https://doi.org/10.1038/srep45296
https://doi.org/10.1038/srep45296
https://doi.org/10.1111/1365-2664.13752
https://doi.org/10.1016/j.tree.2019.10.003
https://doi.org/10.1016/j.tree.2019.10.003
https://doi.org/10.1098/rspb.2017.2242
https://doi.org/10.1002/ece3.2765
https://doi.org/10.1007/s13593-017-0434-x
https://doi.org/10.1007/s13593-017-0434-x
https://doi.org/10.1111/ele.12657
https://doi.org/10.1111/ele.12657
https://doi.org/10.1111/j.2007.0030-1299.16303.x
https://doi.org/10.1111/j.2007.0030-1299.16303.x
https://doi.org/10.1353/sof.0.0064
https://doi.org/10.1073/pnas.1800042115
https://doi.org/10.1111/ele.12082
https://doi.org/10.1111/ele.12082
https://doi.org/10.1016/j.tree.2018.11.002
https://doi.org/10.1098/rspb.2006.3721
https://doi.org/10.1098/rspb.2006.3721
https://doi.org/10.1111/2041-210X.12512
https://doi.org/10.1111/2041-210X.12512
https://doi.org/10.1016/j.agee.2019.03.014
https://doi.org/10.1016/j.agee.2019.03.014
https://doi.org/10.1603/EC12179
https://doi.org/10.1098/rspb.2012.2243
https://doi.org/10.1098/rspb.2012.2243
https://doi.org/10.1016/j.scitotenv.2018.07.287
https://doi.org/10.1111/2041-210X.13372
https://doi.org/10.1002/eap.1818
https://doi.org/10.1002/eap.1818
https://doi.org/10.1038/s41893-018-0102-4
https://doi.org/10.1016/j.biocon.2011.06.013
https://doi.org/10.1098/rspb.2015.0299
https://doi.org/10.1098/rspb.2015.0299
https://doi.org/10.5281/zenodo.6487661
https://doi.org/10.5281/zenodo.6487661
https://doi.org/10.1016/j.agee.2018.07.020
https://doi.org/10.1016/j.agee.2018.07.020
https://doi.org/10.1038/nature20588
https://doi.org/10.1038/nature20588
http://www.r-project.org/


12  |   Journal of Applied Ecology PERROT ET al.

Riedinger, V., Renner, M., Rundlöf, M., Steffan- Dewenter, I., & Holzschuh, 
A. (2014). Early mass- flowering crops mitigate pollinator dilution in 
late- flowering crops. Landscape Ecology, 29(3), 425– 435. https://
doi.org/10.1007/s1098 0- 013- 9973- y

Rusch, A., Valantin- morison, M., Sarthou, J. P., & Roger- estrade, J. (2013). 
Effect of crop management and landscape context on insect pest 
populations and crop damage. Agriculture, Ecosystems & Environment, 
166, 118– 125. https://doi.org/10.1016/j.agee.2011.05.004

Savary, S., Willocquet, L., Pethybridge, S. J., Esker, P., McRoberts, N., 
& Nelson, A. (2019). The global burden of pathogens and pests 
on major food crops. Nature Ecology & Evolution, 3(3), 430– 439. 
https://doi.org/10.1038/s4155 9- 018- 0793- y

Skellern, M. P., & Cook, S. M. (2018). Prospects for improved off- 
crop habitat management for pollen beetle control in oilseed 
rape. Arthropod- Plant Interactions, 12(6), 849– 866. https://doi.
org/10.1007/s1182 9- 018- 9598- 9

Sutter, L., & Albrecht, M. (2016). Synergistic interactions of ecosys-
tem services: Florivorous pest control boosts crop yield increase 
through insect pollination. Proceedings of the Royal Society B: 
Biological Sciences, 283(1824), 20152529. https://doi.org/10.1098/
rspb.2015.2529

Tamburini, G., Bommarco, R., Kleijn, D., van der Putten, W. H., & Marini, 
L. (2019). Pollination contribution to crop yield is often context- 
dependent: A review of experimental evidence. Agriculture, 
Ecosystems and Environment, 280(April), 16– 23. https://doi.
org/10.1016/j.agee.2019.04.022

Torné- Noguera, A., Rodrigo, A., Arnan, X., Osorio, S., Barril- Graells, H., Da 
Rocha- Filho, L. C., & Bosch, J. (2014). Determinants of spatial dis-
tribution in a bee community: Nesting resources, flower resources, 
and body size. PLoS ONE, 9(5), 1– 10. https://doi.org/10.1371/journ 
al.pone.0097255

Veres, A., Petit, S., Conord, C., & Lavigne, C. (2013). Does landscape 
composition affect pest abundance and their control by natural 
enemies? A review. Agriculture, Ecosystems and Environment, 166, 
110– 117. https://doi.org/10.1016/j.agee.2011.05.027

Westphal, C., Bommarco, R., Carré, G., Lamborn, E., Morison, M., 
Petanidou, T., Potts, S. G., Roberts, S. P. M., Szentgyörgyi, H., 

Tscheulin, T., Vassiére, B. E., Woychiechowski, M., Biesmeijer, J. C., 
Kunin, W. E., Settele, J., & Steffan- Dewenter, I. (2008). Measuring 
bee diversity in different European habitats and biogeographic 
regions. Ecological Monographs, 78(4), 653– 671. https://doi.
org/10.1890/07- 1292.1

Woodcock, B. A., Bullock, J. M., McCracken, M., Chapman, R. E., Ball, S. 
L., Edwards, M. E., Nowakowski, M., & Pywell, R. F. (2016). Spill- 
over of pest control and pollination services into arable crops. 
Agriculture, Ecosystems and Environment, 231, 15– 23. https://doi.
org/10.1016/j.agee.2016.06.023

Woodcock, B. A., Isaac, N. J. B., Bullock, J. M., Roy, D. B., Garthwaite, D. 
G., Crowe, A., & Pywell, R. F. (2016). Impacts of neonicotinoid use 
on long- term population changes in wild bees in England. Nature 
Communications, 7(1), 12459. https://doi.org/10.1038/ncomm 
s12459

Zaller, J. G., Moser, D., Drapela, T., Schmöger, C., & Frank, T. (2008). 
Insect pests in winter oilseed rape affected by field and landscape 
characteristics. Basic and Applied Ecology, 9(6), 682– 690. https://
doi.org/10.1016/j.baae.2007.10.004

SUPPORTING INFORMATION
Additional supporting information may be found in the online 
version of the article at the publisher’s website.

How to cite this article: Perrot, T., Bretagnolle, V., & Gaba, S. 
(2022). Environmentally friendly landscape management 
improves oilseed rape yields by increasing pollinators and 
reducing pests. Journal of Applied Ecology, 00, 1–12. https://
doi.org/10.1111/1365-2664.14190

https://doi.org/10.1007/s10980-013-9973-y
https://doi.org/10.1007/s10980-013-9973-y
https://doi.org/10.1016/j.agee.2011.05.004
https://doi.org/10.1038/s41559-018-0793-y
https://doi.org/10.1007/s11829-018-9598-9
https://doi.org/10.1007/s11829-018-9598-9
https://doi.org/10.1098/rspb.2015.2529
https://doi.org/10.1098/rspb.2015.2529
https://doi.org/10.1016/j.agee.2019.04.022
https://doi.org/10.1016/j.agee.2019.04.022
https://doi.org/10.1371/journal.pone.0097255
https://doi.org/10.1371/journal.pone.0097255
https://doi.org/10.1016/j.agee.2011.05.027
https://doi.org/10.1890/07-1292.1
https://doi.org/10.1890/07-1292.1
https://doi.org/10.1016/j.agee.2016.06.023
https://doi.org/10.1016/j.agee.2016.06.023
https://doi.org/10.1038/ncomms12459
https://doi.org/10.1038/ncomms12459
https://doi.org/10.1016/j.baae.2007.10.004
https://doi.org/10.1016/j.baae.2007.10.004
https://doi.org/10.1111/1365-2664.14190
https://doi.org/10.1111/1365-2664.14190

	Environmentally friendly landscape management improves oilseed rape yields by increasing pollinators and reducing pests
	Abstract
	1|INTRODUCTION
	2|MATERIALS AND METHODS
	2.1|Study site and field selection
	2.2|Landscape metrics
	2.3|Farming practices
	2.4|Insect sampling
	2.5|Statistical analyses

	3|RESULTS
	3.1|Landscape effects on bees and pests
	3.2|Effects of farming practices and landscape on bees and pests
	3.3|Relative contributions of farming practices, bees and pests on yield
	3.4|Disentangling the effects of landscape, biodiversity and farming practices on OSR yield

	4|DISCUSSION
	4.1|Landscape features enhance bees and suppress pests
	4.2|Farming practices loosely affect bee and pest abundance

	5|SYNTHESIS AND MANAGEMENT IMPLICATIONS
	AUTHORS' CONTRIBUTIONS
	ACKNOWLEDGEMENTS
	CONFLICT OF INTEREST
	DATA AVAILABILITY STATEMENT

	REFERENCES


